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Abstract
We define personalized computing as a class of systems that both

know about you deeply and can act on that information to serve

you better. Longstanding work in HCI has built up systems that

know about the user, but that knowledge remains largely inert and

siloed. For example, our desktop computers, browsers, and web

applications minimally adapt to users with ranking and recom-

mendation but generally wait on a user’s directive to take action.

In contrast, modern AI systems now have the ability to not only

consume massive amounts of unstructured data to better know

the user, but also take intelligent, proactive action on this informa-
tion. This development has enabled systems that observe users and

learn strong user models that can power personalized AI assistance,

bespoke tools and interfaces, and personal agents acting on the

user’s behalf. With these shifts towards a realizable paradigm of per-

sonalized computing, we believe our community ought to discuss

and envision: what will interaction look like when our comput-

ers know more about us than we know about ourselves, and can

take meaningful action for us? Will the design of such interactive

systems require manual authoring and handcrafted abstractions,

or will they succeed only by accruing ever more user data? In an

interaction paradigm where information is fundamentally offloaded

to AI, how do we ensure that these systems preserve user privacy,

agency, control, and understanding? Through this workshop, we

aim to explore these questions and advance the development of

personalized computing systems.
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1 Introduction
A long-standing vision in computing has been to create truly per-
sonalized computing systems. For example, in 1987, Apple intro-

duced the “Knowledge Navigator,” which envisioned a computer

that could seek out relevant information based on the user’s context.

Microsoft’s Clippy similarly aimed to anticipate what users needed

help with and provide assistance. These early systems share an un-

derlying ethos that while personal computers are owned by a user

and hold their data, we ought to pursue personalized computers

that proactively learn about the user and initiate actions on their

behalf. The primary interest of our workshop is this personalized
computing paradigm: computing systems powered by intelligence

that both knows the user and acts on their needs.

Within the human-computer interaction (HCI) community more

specifically, creating personalized computing systems has long

been a central research goal. Early work explored programming

by demonstration to enable end users to create bespoke software

through example rather than code [6, 7]. Systems such as Chick-

enfoot [2] and Greasemonkey [1] allowed end users to customize

Internet applications. While these systems required manual cus-

tomization, others envisioned intelligent agents that could “reduce

work and information overload” by acting on users’ behalf [13],
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prompting debates on whether direct manipulation or personal

agents are the best interaction paradigm [17]. Adaptive interface

systems such as SUPPLE demonstrated how interfaces could be

automatically tailored to users’ abilities and preferences [10].

Despite the continued interest in personalized computing, tech-

nical limitations stalled many of these visions from realization.

Personalization either had to be anticipated in advance through

carefully designed abstractions (e.g., computer terminals that are

inherently customizable) or predicted with stochastic, error-prone

machine learning (ML) algorithms that left users frustrated (e.g.,

Clippy).

However, advances in AI capabilities are ushering in a new wave

of personalized computing systems. These advances are redefin-

ing what we can know about users. Rather than requiring narrow,

hand-tested domains, recent work [8, 15, 16, 21] shows that we

can infer general-purpose models of user intent across arbitrary

contexts, without needing to be explicitly predefined for any one

of them. There are also new ways to act upon information about

users. For example, natural language prompts and agentic coding

allow users to easily build custom tools or adapt interfaces for

their tasks [3, 12, 19]. Or, rather than leaving users to act on this

understanding themselves, systems can intervene on their behalf,

through providing contextual nudges, generating new interfaces,

or taking autonomous actions [4, 5, 9, 20].

At this inflection point, our workshop’s aim is to chart the driv-

ing visions for what personalized computing ought to be, in light

of these new technical capabilities. Our workshop centers on the

following three questions. First, assuming we have a rich under-

standing of users, what interactions should we build, and why?

Second, how should personalized computing systems be built: when

do we need pre-specified representations of tasks, contexts, and

users, and when does collecting more data about users provide more

leverage? Third, what are the ethical considerations for designing

these systems? For example, are there inferences about the user that

should not be made even if they are accurate and useful [11, 14]?

And, how do we delineate between a system that is appropriately

proactive versus one that infringes on our agency?

This workshop will bring together researchers and practitioners

excited about ushering in the future of personalized computing

systems. We start with keynote talks and reflect on how we might

revive, revise, or replace visions for personalized computing sys-

tems. Then, we will host a debate on the methods for constructing

these systems. Attendees will develop prototypes of personal com-

puting systems as instantiations of nascent ideas developed in the

workshop and provocations for the group. Lastly, we will facilitate

an open discussion on the ethical implications of these technologies.

2 Workshop Plan and Goals
Our workshop is a half-day, in-person event aiming to engage 25-30

participants. Prior to the workshop, participants are asked to com-

plete preparatory activities. During the workshop, participants will

hear from experts, collaborate to build demos reflecting workshop

discussions, and engage in conversation on ethical implications of

this field.

2.1 Preparatory Activities
Interested participants will apply via an online form where they

will submit a brief description of their research experience, motiva-

tion for joining the workshop, and potential ideas for the workshop

hackathon. One week before the workshop, we will circulate a slide

deck for participants to upload an introduction slide. We will also

share a spreadsheet of submitted demo ideas, each with the submit-

ter’s name and contact information, to encourage participants with

similar interests to discuss prototype ideas ahead of the hackathon.

2.2 Workshop Activities
2.2.1 Opening Remarks and Introduction (5-10 minutes). We will

start the workshop with brief opening remarks for the organizing

team to communicate the goals and agenda for the day.

2.2.2 Spotlight Talks: Past and Present Visions (30 min). We will

have three spotlight talks from experts in academic and industry

who have experience building personalized computer systems. The

spotlight talks are intended to both revisit earlier visions of per-

sonal computing systems and discuss emerging ones. We will ask

workshop participants if they are interested in giving a spotlight

talk and select three to highlight during the workshop. Talks will

run 10 minutes each, and questions will be reserved for during the

coffee break.

2.2.3 Debate: How Does the “Bitter Lesson” Apply to Personal Com-
puting? (45-60 min). We will feature a debate on how the person-

alized computing systems ought to be built, covering how far the

“bitter lesson”—that general-purpose methods that scale with com-

putation ultimately outperform hand-crafted features—extends to

personalized computing [18]. The debate centers on a core tension:

is the best path to a deep understanding of users to simply collect

more data and learn a general model of them? Or do intentionally

designed abstractions and representations of users and tasks remain

the right approach? We have invite 1-2 speakers to seed both sides

of the debate. Debaters are encouraged to stake out the strongest

form of each position.

2.2.4 Interactive Activity: Prototyping Provocative Demos (120 min).
In the second half of the workshop, we will host an interactive

activity, during which participants can ideate systems that demon-

strate their vision for personalized computing. Participants are

encouraged to create artifacts to help demonstrate their proposed

systems, including paper prototypes, mock-ups, and figures. We

will encourage participants to form teams of two to four, and will

facilitate grouping by sharing out the ideas participants submit-

ted in their applications ahead of the workshop. Each group will

present their proposed system and any accompanying visuals in a

lightning round.

2.3 Follow-Up
Following the workshop, we will showcase demos, prototypes, and

opinion pieces from participants on our website and social media.

We will also prepare a report summarizing the outcomes and future

directions that will be shared as a blog post.
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